Figures from Information Theory, Inference, and Learning Algorithms, by David J.C. MacKay, provided
for the use of teachers.
http://www.inference.phy.cam.ac.uk/mackay/itila/
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Upper bound

1 +1e—a < exp(pa — Hy(p)) pe[0,1]
Lower bound
- +1e—a > g(w)exp[(a—v)/2— A(v)(a® — 1/2)]

0 5 where A(v) = [g(v) — 1/2] /2v.
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